





The line segment detection dol , 'igure | 2)

the quantity of powder fed to the re- :oater blade. This intervention was applied in the study after 6.0 mm Image
ID 210 of the build by increasing the amount of powder fed to the re- :oater blade. T'his is shown in ‘igure >y
a decrease in the line segments detected as the powder deposition recovers Image ID 2130

Conclusions
In this paper, standalone monitoring system for the PBF process is presented. An accompanying mage
processing methodology has been developed, vhich :an identify defects in the powder deposition stage of the
DMLS process [he algorithm is omputationally efficient nd works well for he application presented [he
images collected for Study 1 were nalyzed post build ising R
-t
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operator of any identified defects. Thus, allowing the operator to alter the process as required to ensure the
successful outcome of the AM build, reducing scrap costs for the process.
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